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GLOBAL CHALLENGES
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MONITORING THE BODY
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CAN WEARABLE TECHNOLOGY HELP PREVENTING MENTAL HEALTH DISORDERS?
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UNDERSTANDING WHAT STRESSES YOU
AND WHEN



IMEC SWEET STUDY — STRESS IN THEWORK ENVIRONMENT
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DATA ANALYSISTOOLCHAIN
STEPS TOWARDS PERSONALIZED, ACTIONABLE INSIGHTS AND FEEDBACK
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PHYSIOLOGICAL DYNAMIC RANGE AND MENTAL STRESS
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DEMOGRAPHICS AND PSYCHOLOGICAL BASELINE
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Self-reported poor health and high depression scores are negatively
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LINKING HABITS AND MENTAL HEALTH INDICATORS
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CONTEXTUAL INSIGHTS ON STRESS
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PERSONALIZED STRESS MODELS
SUBJECT-SPECIFIC TEMPORAL SPLIT
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BEHAVIORAL MULTI-SENSING PLATFORM FOR (MENTAL) HEALTH
ONEPLANET - EXPLORE-VALIDATE NEW USE-CASES

TECHNOLOGY and MODELS SMARTPHONE / Ecological CUSTOMIZED DATA
Wearables for raw data input Momentary Assessments PLATFORM
supporting model development * Phone sensors: noise, light, GPS et gt e

¢ Self-annotations: emotion, medication,
diet

Stress — mental health

Activity recognition: Sleep / Driving
Sitting / Walking / Cycling

Fitness levels ...

Respiration rate, ECG, ...
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Gain new insights in how, when and where citizens experience stress in the city
“unmec



NERVOCITY — MEASURING URBAN STRESS
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FIRST FEASIBILITY TESTS ON PAIN — FATIGUE — COGNITIVE LOAD
USING AUTONOMIC NERVOUS SYSTEM | EEG | .... MEASUREMENTS
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FIRST FEASIBILITY TEST ACUTE PAIN
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EEG-BASED COGNITION ESTIMATION
PERSONALIZED MODELS FOR EMOTIONAL STATES

What’s your mood today?
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CAN WE IDENTIFY YOUR FACIAL EXPRESSION
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DIGITAL PHENOTYPING
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embracing a better life
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